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 Controlling the position of the final load and the anti-swing control of the 

loads during the operation of the tower crane are challenging tasks. These 

are the most important control issues for safe operation, which are difficult 

to achieve easily with conventional control systems. Hence, the need to 

integrate the concepts of soft-computing into the tower crane control system. 

The aim of this research work is to design an adaptive-network-based fuzzy 

inference system (ANFIS) controller to move the payload to the final position 

with the lowest possible swing angle. To evaluate the ability of the proposed 

controller to meet the control requirements, its performance was compared to 

three other controllers: a conventional proportional derivative (PD) controller, 

a fuzzy-tuned PD controller and a fuzzy controller. MATLAB-based 

computer simulations of the crane and controllers were carried out to verify 

and compare the performance of the proposed controllers. The obtained 

results show the effectiveness of the ANFIS-based controller in adjusting the 

load position while keeping the load fluctuations small at the final position. 

The load oscillation angle is about ±2.28° with the ANFIS controller while it 

is about ±10° when using the PD controller. In addition, only one ANFIS 

controller is used for both load position and swing angle control. 
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1. INTRODUCTION  

Tower cranes are widely used in factories, ports and high building constructions to lift heavy goods 

to great heights, or to move them from one place to another. Crane control systems are a vital area of 

scientific research and need more studies and research works, especially with the development of computer 

and communication technologies. They have worked to develop control systems for cranes that have the 

ability to move the load as quickly as possible and keeping the swing angle as small as possible in the final 

position [1]. On the other hand, the crane needs a skilled operator who has the ability to handle the control 

system easily in order to move the payload and prevent it from swinging. Swing motion can be reduced by 

decreasing the trolley speed and this leads to a decrease in productivity [2]. Therefore, many studies have 

focused on the development of anti-swing control systems for tower crane [3]. Some have used open-loop 

control strategies, including input shaping [4], filtering [5], and command smoothing [6], while others have 

suggested closed-loop control strategies. There are several control strategies used for crane control including 

linear control [7], model predictive control [8], adaptive control [9], sliding mode control [10], [11], 

proportional integral derivative (PID) controllers [12], gain scheduling control [2] and others [13]. These control 

methods need an accurate mathematical model of the lever in order to derive the required controller, and the 

parameters of the controller need to be updated due to the dynamics of the lever [12], [14]. Obtaining the exact 

mathematical model of the tower crane, which simulates its operation with changing weight, load shape and 

https://creativecommons.org/licenses/by-sa/4.0/
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wind speed, is not an easy task and requires an online update. The design of most traditional controllers depend 

on the mathematical model of the tower crane, and because of the simplification of these models, 

the performance of these controllers was not as expected due to the dynamics of the crane. Recently, most 

studies and research have been directed towards incorporating artificial intelligence (AI) concepts into 

control systems to improve the performance of tower cranes [14]. Therefore, intelligent control systems 

appeared that used fuzzy logic [15], [16], or neural networks [17], [18] as well as genetic algorithms [19]. 

Selma et al. [14] and Benhellal et al. [20] have used a combination of fuzzy logic and neural networks, or a 

combination of neural networks and genetic algorithms [21], [22] to improve the performance of the control 

system. Moreover, soft-computing tools, such as fuzzy logic, were also used to online tuning of the PID 

controller parameters without the need for a lever mathematical model [23], [24]. 

The main objective of this paper is to drive the jib and trolley of the tower crane from the initial 

position to the final position with an acceptable speed and high accuracy so that the swing angle is as low as 

possible. An adaptive-network-based fuzzy inference system (ANFIS)-based controller for a tower crane is 

proposed in this paper. The performance of the ANFIS-based controller is compared with three controllers; 

a conventional proportional derivative (PD) controller, a fuzzy-tuned PD controller, and a fuzzy logic 

controller. The rest of the paper is organized as; the structure and mathematical model of a tower crane are 

described in section 2. Control methods are discussed in section 3. The design of an ANFIS-based controller 

is given in section 4. Simulation and comparison results are discussed in section 5. Finally, the conclusion 

and some proposed future work are presented in section 6. 
 
 

2. MATHEMATICAL MODEL OF TOWER CRANE 

A real tower crane is a complex structure that includes the base, mast, boom, balance beams, trolley 

and control systems. In this paper, an educational crane of type “Quanser 3 DOF” was used, as shown in 

Figure 1. It is a compact version of the tower crane, as illustrated in Figure 1(a), has three degrees of 

freedom; the tower rotates in both directions, the trolley moves along the horizontal segment, and the height 

of the load can be changed. The jib rotates clockwise and counterclockwise and has a trolley moving along 

the jib using a motor. The trolley has a cable to lift the load up or down using another motor. Three motors 

are driven by electronic drive units and optical sensors to measure position and speed [25]. There are many 

ways to obtain a mathematical model of a tower crane, including the use of finite element analysis and 

Lagrangian methods [1], [26]. In order to obtain an accurate dynamic model representing the tower crane 

systems, several parameters have to be included when deriving the mathematical model. Such a model is a 

set of nonlinear equations, and it is difficult to use it for controller design or for performance analysis 

because the computation would be too complex. In fact, several assumptions are made to simplify the 

obtained model. For example, some mathematical models have included sensors and actuators, while some 

studies and research do not. In general, the mathematical model of tower crane appears nonlinear. Thus, it is 

easier to implement linearization to get an approximate linear model. 

The jib rotates in a horizontal plane and carries a trolley that moves radially. The trolley carries the 

load through a variable length (l) cable. The loading position above any point in the workplace is handled by 

the combined movements of both the trolley and the jib. In fact, the jib system model is similar to the 

inverted pendulum model, as illustrated in Figure 1(b), where: 

− 𝑋: the horizontal axis along which the cart moves 

− 𝑍: the vertical axis along which the tower rotates 

− 𝛼: the rotation angle about the 𝑥-axis 

− ɤ: the rotation angle about the 𝑦-axis 

− 𝜃: the rotation angle about the 𝑧-axis 
 

 

  
  

(a) (b) 
  

Figure 1. Quanser 3 DOF tower crane layout [25]: (a) crane layout and (b) free body diagram 
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The jib is modeled as a two-dimensional linear gantry by assuming the payload is at a fixed height and 

is fixed about the gimble angle (𝛼), and the movement is perpendicular to the jib length. In other words, it is 

assumed the payload rotates only about gimble angle (ɤ). The mathematical model of the tower crane is a 

nonlinear system, so the Lagrange method is used to find the nonlinear dynamics of the crane. The following 

equations are used to obtain the state space matrices [25]. 

 

ẋ = 𝐴 × 𝑥 + 𝐵 × 𝑢 and 𝑦 = 𝐶 × 𝑥 + 𝐷 × 𝑢 (1) 

 

Where: 

 

𝐴 =

[
 
 
 
 
 
0 0 1 0
0 0 0 1

0
0

−
𝑚𝑝 𝑟𝑗.𝑝𝑢𝑙𝑙𝑒𝑦

2 𝑔

𝑚𝑡𝑟𝑜𝑙𝑙𝑒𝑦 𝑟𝑗.𝑝𝑢𝑙𝑙𝑒𝑦
2+𝐽𝛹 𝐾𝑔.𝑗

2

−
𝑔(𝑚𝑡𝑟𝑜𝑙𝑙𝑒𝑦 𝑟𝑗.𝑝𝑢𝑙𝑙𝑒𝑦

2+𝑚𝑝 𝑟𝑗.𝑝𝑢𝑙𝑙𝑒𝑦
2+𝐽𝛹𝐾𝑔.𝑗

2

(𝑚𝑡𝑟𝑜𝑙𝑙𝑒𝑦 𝑟𝑗.𝑝𝑢𝑙𝑙𝑒𝑦
2+𝐽𝛹 𝐾𝑔.𝑗

2)𝑙𝑝

0
0

0
0
]
 
 
 
 
 

 (2) 

 

𝐵 =

[
 
 
 
 
 

0
0

𝑟𝑗.𝑝𝑢𝑙𝑙𝑒𝑦 ɳ𝑔.𝑗 𝐾𝑔.𝑗 ɳ𝑚.𝑗 𝐾𝑡.𝑗

𝑚𝑡𝑟𝑜𝑙𝑙𝑒𝑦 𝑟𝑗.𝑝𝑢𝑙𝑙𝑒𝑦
2+𝐽𝛹𝐾𝑔.𝑗

2

𝑟𝑗.𝑝𝑢𝑙𝑙𝑒𝑦 ɳ𝑔.𝑗 𝐾𝑔.𝑗 ɳ𝑚.𝑗 𝐾𝑡.𝑗

(𝑚𝑡𝑟𝑜𝑙𝑙𝑒𝑦 𝑟𝑗.𝑝𝑢𝑙𝑙𝑒𝑦
2+𝐽𝛹𝐾𝑔.𝑗

2)𝑙𝑝]
 
 
 
 
 

 (3) 

 

𝐶 = [
1 0 0 0
0 1 0 0

]  𝐷 = [
0
0
] (4) 

 

Where: 

− ɳ𝑚.𝑗: jib motor efficiency  

− 𝐾𝑡.𝑗: jib cart motor torque constant (before gear ratio) 

− 𝐾𝑔.𝑗: cart motor gearbox gear ratio 

− ɳ𝑔.𝑗: cart motor gearbox efficiency 

− 𝑟𝑗.𝑝𝑢𝑙𝑙𝑒𝑦: radius of trolley pulley from pivot to end of tooth 

− 𝑚𝑡𝑟𝑜𝑙𝑙𝑒𝑦: mass of trolley 

− 𝑙𝑝: vertical distance of payload from jib arm 

− 𝐽𝑝𝑠𝑖: jib motor equivalent moment of inertia 

Then, the transfer functions of the given tower crane are given by [25]. 

 
𝑥(𝑠)

𝐼(𝑠)
=

18.25𝑠2+207.3

𝑠4+13.33𝑠2  (5) 

 
ɤ(𝑠)

𝐼(𝑠)
=

21.13

𝑠2+13.33
 (6) 

 

 

3. METHODS OF CONTROL 

Tower cranes are responsible for lifting and transporting goods in many areas, and their work can be 

divided into three types: lifting the load, moving the trolley and meanwhile rotating the jib, and placing the 

load. However, with the movement of the jib and the trolley, the phenomenon of load oscillation appears and 

has become a problem that must be solved. Therefore, tower cranes are considered a non-linear system. 

A closed loop control system is required to control both the position (𝑋0) and swing angle (ɤ), as shown in  

Figure 2. In this paper, an ANFIS-based intelligent controller is designed and implemented to move the load 

as quickly as possible and keep the swing angle as small as possible in the end position. In order to ensure the 

efficiency of the proposed intelligent controller and its ability to meet the required control requirements, 

a comparison was made with three well known controllers: a conventional proportional PD controller, fuzzy-tuned 

PD controller, and a fuzzy logic controller. 
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Figure 2. General layout of crane control system 
 

 

3.1.  Conventional PD controller 

The conventional PID controller is one of the most widely used linear control technologies in crane 

control systems. The main problem of this controller is the continuous updating of its parameters, which are 

mainly based on the mathematical model of the crane. The parameters of the PID controller can also be updated 

using intelligent algorithms that do not depend entirely on the mathematical model of the crane. For the 

mathematical model obtained for the tower crane used in this research, the PD controller is sufficient to meet the 

required control requirements. Figure 3 shows a simulation of both the tower crane and the PD controller model. 

The parameter values for 𝐾𝑝 and 𝐾𝑑 of the controller were well chosen to obtain the best response. The main 

disadvantage of this controller is the real-time tuning of the parameters of the controller that depends on the 

dynamics of the crane. 
 

 

 
 

Figure 3. Simulation block diagram of a conventional PD controller 
 

 

3.2.  Fuzzy-tuned PD control 

Several attempts have proposed new methods for self-tuning of PID controller parameters based on 

the mathematical model of the crane and others using intelligent algorithms. In this paper, a fuzzy tuner was 

used to adjust the parameters of the PD controller according to the error (E) and error change (CE), as shown 

in Figure 4. Two inputs have been applied to the fuzzy tuner; the error, calculated by comparing the reference 

input with the actual output, and the CE. The input variables (E and CE) are represented by seven fuzzy sets, 

while the output variables (𝐾𝑝 and 𝐾𝑑) are represented by three fuzzy sets, as shown in Figure 5. There are 

49 fuzzy rules, as given in Table 1, used by the fuzzy inference engine to determine the updated values of 

controller parameters. The simulation of the tower crane and the fuzzy-tuned PD controller is given in Figure 6. 
 

 

Table 1. Rules for fuzzy tuned PD controller 
 Error (E) Error (E) 

C
h
an

g
e 

er
ro

r 
(C

E
) 

 NB NM NS Z PS PM PB NB NM NS Z PS PM PB 
NB P Z N N N Z P N P P N P P N 

NS P P Z N Z P P N Z P P P Z N 

NM P P Z N Z P P N N Z P Z N N 
Z P P P Z P P P N N N Z N N N 

PS P P Z N Z P P N N Z P Z N N 

PM P P Z N Z P P N Z P P P Z N 
PB P Z N N P Z P N P P P N P N 

 (a) 𝐾𝑝 rules (b) 𝐾𝑑 rules 
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Figure 4. Structure of fuzzy-tuned PD controller 
 
 

 
 

Figure 5. Membership function of input and output variables for fuzzy tuned PD controller 
 

 

 
 

Figure 6. Simulation block diagram of fuzzy tuner of PD controller 
 

 

3.3.  Fuzzy controller 

A fuzzy logic controller (FLC) has been used to compute the required actuating signal (U) according 

to the error and error change. Figure 7 shows fuzzy set controller elements in Figure 7(a) and input and 

output variables in Figure 7(b). Each variable is coded by seven fuzzy sets; large negative (LN), medium 

negative (MN), small negative (SN), zero (Z), small positive (SP), medium positive (MP), and large positive 

(LP), as shown in Figure 8. The implemented fuzzy controller is in fact a collection of 49 linguistic rules, 

as given in Table 2, which describe the relationships between inputs (E and CE), and output (U). The 

Mamdani style inference was used, as well as the center-of-gravity defuzzification method to convert the 

fuzzy output into a crisp value. 
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Table 2. Rules for fuzzy controller 
 Error (E) 

E
rr

o
r 

ch
an

g
e 

(C
E

) 

 LN MN SN Z SP MP LP 
LN LN MN MN MN SN Z SP 

MN LN MN SN SN SN Z SP 

SN LN MN SN SN Z SP MP 
Z MN SN SN Z SP SP MP 

SP MN SN Z SP SP MP LP 

MP SN Z SP SP SP MP LP 
LP SN Z SP MP MP MP LP 

 

 

  
  

(a) (b) 
  

Figure 7. Fuzzy controller layout and fuzzy sets: (a) fuzzy controller elements dan (b) fuzzy sets for 

input/output variables 
 

 

 
 

Figure 8. Simulation block diagram of fuzzy controller 
 

 

4. ANFIS-BASED CONTROLLER DESIGN 

An adaptive network based fuzzy inference system is a fuzzy inference system implemented within 

the framework of adaptive networks. ANFIS combines the advantages of both neural networks and fuzzy 

logic into a single framework. It is an approach that has a (non-linear) mapping defined using fuzzy if-then 

rules. The operation of ANFIS can be expressed as linguistic fuzzy expressions and the learning schemes of 

NNs are used to learn controller parameters. The ANFIS controller is widely used to control the non-linear 

system. Since the tower crane is a non-linear system, ANFIS was adopted in this paper to control both the 

payload position (𝑋0) and the swing angle (ɤ).  

The proposed ANFIS controller is used to create an input-output mapping based on a set of fuzzy 

if-then rules and input-output data pairs to control both the position (𝑋0) and swing angle (ɤ). It combines the 

ability of rule-based fuzzy controller and the learning ability of a neural network to improve the membership 

functions of fuzzy sets. The ANFIS model architecture, as shown in Figure 9, consists of two parts; 

the condition part and the conclusion part, which are linked to each other by rules in the form of a multi-layer 

neural network. The first layer has 14 nodes to execute the fuzzification process. The second layer has 49 nodes 

to implement the fuzzy and operation of the condition part of the fuzzy rules. The third layer has 49 nodes to 

normalize the membership functions. The fourth layer is a single node that executes the conclusion part of the 

fuzzy rules, and finally the fifth layer is a single node to compute the output of fuzzy system by summing up 

the outputs of previous layer. Figure 9 outlines the main six steps of the implemented ANFIS controller. 
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− Step 1. Input data: the 441 pairs of input data will be divided into three sets: training data (272 pairs), 

testing data (85 pairs), and validation data (84 pairs). 

− Step 2. Fuzzification: the crisp input variables are transformed into fuzzy sets. In this case, the number 

of fuzzy sets and the shape of the membership functions must be chosen carefully. 

− Step 3. Fuzzy implication: in this step the structure and fuzzy rules of ANFIS are determined. 

− Step 4. Parameters learning: adjustment of weights and modification of input/output membership functions 

using least square error and backpropagation from the training dataset and the testing dataset. Figure 10 

shows training data for ANFIS with 1000 iterations (epochs). 

− Step 5. Defuzzification: this process maps a fuzzy set output to a crisp set output. 

− Step 6. Output data: the generated control signal is transferred to the actuating element of the tower crane. 
 

 

 
 

Figure 9. ANFIS model structure 
 

 

 
 

Figure 10. Training data for ANFIS controller 
 

 

5. RESULTS AND DISCUSSIONS 

Several tests were carried out on the proposed ANFIS controller to verify its efficiency in 

controlling the payload position and swing angle of the tower crane. The main reason for using the ANFIS 

controller is that it does not need the exact mathematical model of the tower crane, the parameters of which 

change with the dynamics of the crane and the shape and weight of the load. In this case, a single controller is 

used to control both the payload position and the swing angle. Only an approximate model of the tower crane 

is required for the simulation study. 

The performance of the ANFIS controller has been compared with other controllers in terms of response 

time specifications including; delay time, rise time, settling time, steady-state error, and maximum overshoot. The 

time response of the system using PD, fuzzy-tuned PD, and fuzzy controllers for position is given in Figure 11(a), 

and for swing angle in Figure 11(b). When using an ANFIS-based controller, there was a clear improvement in the 

behavior of the system compared to the fuzzy controller, as given in Figure 12. Where Figure 12(a) shows the time 

response of the position, and Figure 12(b) for the swing angle. Referring to Table 3, the results show that the 

conventional PD controller achieved a stable response with a delay time of 1.298 seconds, a rise time of 

4.148 seconds, a settling time of 10.567 seconds, and a maximum overshoot of 0.2%. 

As it can be seen from the results that the use of conventional PD controller and fuzzy-tuned PD 

controller produces oscillation with amplitude of 20° and 18.25° respectively, compared to the fuzzy logic 

controller of about 6.06°. Although the position of the load follows the reference input, the oscillation of the 

sway angle requires treatment when using such model-dependent controllers that needs to update its 

parameters (𝐾𝑝 and 𝐾𝑑) with any change in tower crane dynamics. One of the reasons for using fuzzy logic to 

control a tower crane is its ability to control both the payload position and the swing angle without the need 

for an accurate mathematical model of the crane. 
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Table 3. Time response indicators for different controllers 
Position 

Controller type: PD Fuzzy tuned PD Fuzzy logic ANFIS 
Delay time (s): 1.298 1.381 3.465 3.809 

Rising time (s): 4.148 4.159 11.495 7.752 

Settling time (s): 10.567 11.96 26.423 22.595 
Overshoot %: 0.2% 0.6% 0 0 

Steady state error: 0 0 0.001 0.003 

Swing angle 
Controller type: PD PD tuned fuzzy Fuzzy logic ANFIS 

Gamma (degree) [-10.90 ~ 9.10] [-9.85 ~ +8.40] [-3.0 ~ +3.03] [-2.28 ~ +2.28] 

 

 

  
  

(a) (b) 
  

Figure 11. Time response of the system using PD, fuzzy-tuned PD, and fuzzy controllers: (a) position and 

(b) swing angle 

 

 

It can be seen from the previous results that the ANFIS-based controller is able to give a faster 

response compared to the fuzzy controller with rise time of 7.752 seconds, settling time of 22.595 seconds, 

minimum steady-state error and no overshoot. It is clear from the results that the swing angle fluctuation 

ranges from −2.28° to +2.28° for ANFIS controller, which is the lowest compared to other controllers. 

The main advantages of the proposed ANFIS controller are its ability to control both the payload position and 

swing angle as well as a model-independent approach that does not need to update its parameters depending 

on the dynamics of the tower crane. Figure 13 shows a comparison of the main indicators of the performance 

of the four controllers. These indicators show that the proposed ANFIS controller has the best performance 

and has better response compared to other controllers. Although the values of delay time, rise time and 

settling time are higher than the PD controller and the fuzzy-tuned PD controller, the swing angle 

fluctuations are less compared to other controllers, making it the best controller to control the position and 

swing angle of the crane. 

 

 

  
  

(a) (b) 
  

Figure 12. Time response of the system using ANFIS and fuzzy controllers: (a) position and (b) swing angle 
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Figure 13. Performance comparison of four controllers 
 

 

6. CONCLUSION 

This paper introduced an intelligent controller for tower cranes to move the load from one point to 

another as quickly as possible so that the load fluctuation remains small during the transportation process and 

in the final position. The mathematical model of the tower crane is a set of nonlinear equations, and the 

design of the traditional control systems is mainly based on the mathematical model of the crane. Moreover, 

the mathematical model of the crane is simplified for control and analysis purposes. From the obtained 

results, it is proved that the ANFIS-based controller has a comprehensive advantage of robustness compared 

with the traditional PD controller, fuzzy-tuned PD controller and fuzzy controller. The ANFIS-based 

controller has better overall performance in terms of both payload position and swing angle variation. 

The oscillation angle of the payload is within ±2.28° with the ANFIS controller while it is about ±10° for the 

PD controller. In addition, the ANFIS controller is a model-independent approach and can be implemented by 

an embedded microcontroller. It is not necessary to update the parameters of the controller every time the 

dynamics of the crane or the shapes of the load change, because everything is done by the ANFIS approach. 

In this paper only one ANFIS controller is used for both payload position and swing angle control. 
 

 

ACKNOWLEDGEMENTS 

The authors thank the Deanship of Scientific Research and Graduate Studies at Philadelphia 

University Jordan for supporting the publication of the research. 
 

 

REFERENCES 
[1] R. Čápková and A. Kozáková, “Experimental Modelling and Control of a Tower Crane,” 2019 22nd International Conference on 

Process Control (PC19), 2019, pp. 97-101, doi: 10.1109/PC.2019.8815327. 
[2] H. M. Omar and A. H. Nayfeh, “Gain scheduling feedback control for tower cranes,” Journal of Vibration and Control, vol. 9, 

no. 3-4, pp. 399-418, 2003, doi: 10.1177/107754603030778.  

[3] L. Ramli, Z. Mohamed, A. M. Abdullahi, H. I. Jaafar, and I. M. Lazim, “Control strategies for crane systems: A comprehensive 
review,” Mechanical Systems and Signal Processing, vol. 95, pp. 1-23, 2017, doi: 10.1016/j.ymssp.2017.03.015.  

[4] J. M. Veciana, S. Cardona, and P. Català, “Modified adaptive input shaping for maneuvering cranes using a feedback MEM 

gyroscope with null drift,” International Journal of Precision Engineering and Manufacturing, vol. 16, pp. 1911–1917, 2015, 
doi: 10.1007/s12541-015-0248-1.  

[5] S. Ragunathan, D. Frakes, K. Peng, and W. Singhose, “Filtering effects on input-shaped command signals for effective crane control,” 

2011 9th IEEE International Conference on Control and Automation (ICCA), 2011, pp. 1097-1101, doi: 10.1109/ICCA.2011.6138082. 
[6] D. Blackburn, J. Lawrence, J. Danielson, W. Singhose, T. Kamoi, and A. Taura, “Radial-motion assisted command shapers for nonlinear 

tower crane rotational slewing,” Control Engineering Practice, vol. 18, no. 5, pp. 523–531, 2010, doi: 10.1016/j.conengprac.2010.01.014. 

[7] H. I. Jaafar, S. Y. S. Hussien, R. Ghazali, and Z. Mohamed, “Optimal tuning of PID+PD controller by PFS for Gantry Crane 
System,” 2015 10th Asian Control Conference (ASCC), 2015, pp. 1-6, doi: 10.1109/ASCC.2015.7244695. 

[8] D. Jolevski and O. Bego, “Model predictive control of gantry/bridge crane with anti-sway algorithm,” Journal of Mechanical 

Science and Technology, vol. 29, pp. 827–834, 2015, doi: 10.1007/s12206-015-0144-8.  
[9] N. Sun, Y. Fang, H. Chen, B. Lu, and Y. Fu, “Slew/Translation Positioning and Swing Suppression for 4-DOF Tower Cranes 

With Parametric Uncertainties: Design and Hardware Experimentation,” in IEEE Transactions on Industrial Electronics, vol. 63, 

no. 10, pp. 6407-6418, 2016, doi: 10.1109/TIE.2016.2587249. 



                ISSN: 1693-6930 

TELKOMNIKA Telecommun Comput El Control, Vol. 21, No. 4, August 2023: 891-900 

900 

[10] S. Pezeshki, M. A. Badamchizadeh, A. R. Ghiasi, and S. Ghaemi, “Control of overhead crane system using adaptive model-free 

and adaptive fuzzy sliding mode controllers,” Journal of Control, Automation and Electrical Systems, vol. 26, pp. 1-15, 2015, 
doi: 10.1007/s40313-014-0152-4.  

[11] T. A. Le, S. -G. Lee, and S. -C. Moon, “Partial feedback linearization and sliding mode techniques for 2D crane control,” 

Transactions of the Institute of Measurement and Control, vol. 36, no. 1, pp. 78–87, 2014, doi: 10.1177/0142331213492369.  
[12] C. Xu and H. Ning, “Simulation analysis of crane anti-sway control system based on PID,” Scientific Journal of Intelligent 

Systems Research, vol. 3, no. 4, pp. 271-276, 2021. Online. [Available]: http://www.sjisr.org/download/sjisr-3-4-271-276.pdf 

[13] Z. Tian, L. Yu, H. Ouyang, and G. Zhang, “Transportation and swing reduction for double-pendulum tower cranes using partial enhanced-
coupling nonlinear controller with initial saturation,” ISA Transactions, vol. 112, pp. 126-136, 2021, doi: 10.1016/j.isatra.2020.11.028.  

[14] B. Selma, S. Chouraqui, and H. Abouaïssa, “Optimization of ANFIS controllers using improved ant colony to control an UAV 

trajectory tracking task,” SN Applied Scinces, vol. 2, no. 878, 2020, doi: 10.1007/s42452-020-2236-z.  
[15] S. A. Farag, S. G. Foda, and A. Alenany, “Fuzzy Control of a Large Crane Structure,” Indonesian Journal of Electrical 

Engineering and Informatics (IJEEI), vol. 5, no. 1, pp. 85-98, 2017, doi: 10.11591/ijeei.v5i1.256.  

[16] M. Tinkir, Ü. Önen, M. Kalyoncu, and Y. Şahİn, “Modeling and control of scaled a tower crane system,” 2011 3rd International 
Conference on Computer Research and Development, 2011, pp. 93-98, doi: 10.1109/ICCRD.2011.5763861. 

[17] Q. Chen, W. Cheng, L. Gao, and J. Fottner, “A pure neural network controller for double-pendulum crane anti-sway control: 

based on Lyapunov stability theory,” Asian Journal of Control, vol. 23, no. 1, pp. 387-398, 2021, doi: 10.1002/asjc.2226.  
[18] A. Abe, “Anti-sway control for overhead cranes using neural networks,” International Journal of Innovative Computing, 

Information and Control, vol. 7, no. 7B, pp. 4251–4262, 2011. [Online]. Available: http://www.ijicic.org/ijicic-10-06016.pdf  

[19] M. Marzouk and A. Abubakr, “Decision support for tower crane selection with building information models and genetic 
algorithms,” Automation in Construction, vol. 61, pp. 1-15, 2016, doi: 10.1016/j.autcon.2015.09.008.  

[20] B. Benhellal, M. Hamerlain, R. Ouiguini, and Y. Rahmani, “Decoupled adaptive neuro-fuzzy sliding mode control applied in a 3D 

crane system,” Journal of Electrical Engineering, vol. 14, no. 1, pp. 313-319, 2014. [Online]. Available: 
https://www.researchgate.net/publication/287042416_Decoupled_adaptive_neuro-fuzzy_sliding_mode_control_applied_in_a_3D_ 

crane_system 
[21] K. Nakazono, K. Ohnishi, H. Kinjo, and T. Yamamoto, “Vibration control of load for rotary crane system using neural network 

with GA-based training,” Artificial Life and Robotics, vol. 13, pp. 98-101, 2008, doi: 10.1007/s10015-008-0586-5.  

[22] X. Zhu and N. Wang, “Hairpin RNA genetic algorithm based ANFIS for modeling overhead cranes,” Mechanical Systems and 
Signal Processing, vol. 165, 2022 doi: 10.1016/j.ymssp.2021.108326.  

[23] M. I. Solihin, Wahyudi, and A. Legowo, “Fuzzy-tuned PID Anti-swing Control of Automatic Gantry Crane,” Journal of Vibration 

and Control, vol. 16, no. 1, pp. 127-145, 2010, doi: 10.1177/1077546309103421.  
[24] M. M. Abdulghani and K. M. Al-Aubidy, “Design and evaluation of a MIMO ANFIS using MATLAB and V-REP,” in 11th 

International Conference on Advances in Computing, Control, and Telecommunication Technologies (ACT 2020), 2020. [Online]. 

Availbale: https://www.philadelphia.edu.jo/academics/kaubaidy/uploads/ComNet2020.pdf 
[25] Quanser. “3 DOF Crane User Manual,” quanser.com. https://www.quanser.com/products/3-dof-crane/ (accessed Apr. 4, 2023). 

[26] D. Ilir and L. Shpetim, “Rotational Mottion of Tower Crane- Dynamic Analysis and Regulation Using Schematic Modeling,” 

International Scientific Journal Mathematical Modeling, vol. 2, no. 1, pp. 21-25, 2018, [Online] Available: 
https://stumejournals.com/journals/mm/2018/1/21.full.pdf 

 

 

BIOGRAPHIES OF AUTHORS 
 

 

Saleh B. Al-Tuhaifi     received his BSc degree in mechatronics engineering from 

the Hashemite University, Jordan in 2020. He is currently MSc student majoring in 

mechatronics engineering at Philadelphia University, Jordan, and working as mechatronics 

engineer in the department of operation and maintenance at the Arap Open Univesity, Jordan. 

His research interests include Embedded systems, Softcomputing, Robotics and automation. 

He can be contacted at email: sale7briemah@gmail.com, 202010547@philadelphia.edu.jo, 

sale7briemah@gmail.com, Research id: HKF-7985-2023. 

  

 

Kasim Mousa Al-Aubidy     received his B.Sc and M.Sc degrees in control and 

computer engineering from the University of Technology, Iraq in 1979 and 1982, respectively, 

and Ph.D degree in real-time computing from the University of Liverpool, England in 1990. 

He is currently a professor and dean of Faculty of Information Technology and dean of 

Architecture and Desisgn at Philadelphia University, Jordan. His research interests include 

embedded systems, robotics and automation, fuzzy logic, neural networks, genetic algorithm, 

and their real-time applications. He is also the chief editor of two international journals, and a 

member of editorial board of several scientific journals. He has coauthored 4 books, four 

chapters in books, and published 102 papers on topics related to computer applications. He can 

be contacted at email: kma@philadelphia.edu.jo. 

 

https://orcid.org/0000-0003-4839-6940
https://scholar.google.com/citations?user=aSr4plQAAAAJ&hl=ar
https://www.webofscience.com/wos/author/record/HKF-7985-2023
https://orcid.org/0000-0001-7228-9921
https://scholar.google.com/citations?user=gxJuMYIAAAAJ&hl=id&oi=sra
https://www.scopus.com/authid/detail.uri?authorId=14047752300
https://www.webofscience.com/wos/author/record/1213676

